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o The problem
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How do we fit the
lines and the
continuum variations
simultaneously ¢
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e Gaussian processes
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Gaussian processes

A Gaussian process is a collection of random variables, any
finite number of which have a joint Gaussian distribution.

y(x) ~ N(mg(x), Ka(x, 0))

[Ka(X, 0)]ij = ka(Xi, Xj) + 01'251']
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Gaussian processes

A Gaussian process is a collection of random variables, any
finite number of which have a joint Gaussian distribution.

(xi — x)°

ke (X1, 35) = A2 exp
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Machine learning...
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Conditional probability
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o The solution
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Let’s fit one of the lines!

(Fit = run an MCMC chain on model and noise parameters)
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Repeated observations
(pairwise comparison)
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Rasmussen & Williams 2006, MIT Press

Gaussian Processes for Machine Learning
gaussianprocess.org

dan.iel.tm/george, scikit-learn.org,

github.com/SheftieldML/GPy
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